
ROBOTICS AUTOMATION

A Journey from Robot to Digital Human: Mathematical 
Principles and MATLAB Programming for Motion 
Generation
Published: May 7, 2025  |  Index ID: #805

The evolution of robotics from simple mechanical manipulators to sophisticated digital human models (DHM) 

represents one of the most significant leaps in computational science. This transition is not merely a change in 

appearance but a fundamental expansion in mathematical complexity, degrees of freedom (DOF), and control 

strategies. In his seminal work, Edward Y.L. Gu  outlines a comprehensive framework that bridges the gap between 

traditional industrial robotics and the high-dimensional simulation of human movement. This article provides a deep 

technical analysis of the mathematical principles, control architectures, and MATLAB-based implementations

required to model complex robotic systems and realistic digital humans.

The Theoretical Foundation of Robotic Systems

Before addressing the complexities of digital humans, one must master the fundamentals of robotic kinematics 

and dynamics. These principles serve as the building blocks for any articulated system. Robotic modeling typically

begins with the description of a series of rigid bodies, known as links, connected by joints. The mathematical

representation of these connections allows engineers to predict the position and orientation of the end-effector

relative to a base coordinate frame.

Kinematical Modeling and the D-H Convention

Kinematics is the study of motion without regard to the forces that cause it. For a serial manipulator, the Denavit-

Hartenberg (D-H) convention is the industry standard for establishing coordinate frames. This method utilizes four 

parameters&mdash;link length (a), link twist (;�’Â�Æ–æ²�öfg6WB�†B’Â��æB�¦ö–çB��ævÆR�ƒ¸)&mdash;to define the transformation 

between adjacent links. The product of these individual transformation matrices results in the Forward Kinematics

equation:

T_base^end = A_1 * A_2 * ... * A_n

While forward kinematics is computationally straightforward, Inverse Kinematics (IK) presents a significant 

challenge, especially in digital human modeling. IK involves determining the joint angles required to reach a specific 

spatial coordinate. In high-dimensional systems, IK often results in multiple solutions or no solution at all, requiring 

numerical optimization techniques such as the Levenberg-Marquardt algorithm or the Jacobian Transpose 

method.

The Role of the Jacobian Matrix

The Jacobian matrix (J)is a critical tool in robotics, mapping joint velocities to Cartesian velocities. It is defined as

the partial derivative of the position vector with respect to the joint variables. The Jacobian is essential for:

•  Singularity Analysis: Identifying configurations where the robot loses one or more degrees of freedom.

•  Statics: Mapping joint torques to end-effector forces.

•  Differential Motion: Calculating small adjustments in joint space to achieve desired movements in task space.

Dynamics: Transitioning from Geometry to Physics



To move from theoretical positioning to real-world motion generation, one must incorporate Dynamics. This field 

accounts for the mass, inertia, and forces (gravity, friction, Coriolis) acting upon the system. There are two primary 

formulations used in modern robotics: Lagrange-Euler and Newton-Euler.

Comparison of Dynamic Formulations

The choice between these two methods depends on the application, whether it is for theoretical analysis or real-

time control simulation.



Feature Lagrange-Euler Formulation Newton-Euler Formulation

Approach Energy-based (Kinetic and Potential) Force/Moment-based (Vectorial)

Complexity Higher computational overhead for 
large N

Recursive and computationally 
efficient

Insight Provides closed-form analytical 
expressions

Provides internal reaction forces

Suitability Control system design and analysis Real-time simulation and 
implementation

For Digital Human Modeling, the recursive Newton-Euler algorithm is often preferred because a human model

can possess upwards of 50 to 100 degrees of freedom, making the analytical derivation of Lagrange equations

practically impossible without symbolic computation tools.

The Leap to Digital Human Modeling (DHM)

A digital human is essentially a high-dimensional robot that mimics biological constraints. Unlike an industrial arm 

with 6 DOFs, a human skeleton is a complex tree-structure manipulator. Modeling a digital human involves

extending robotic principles to a larger scale, incorporating biomechanical data and ergonomic constraints.

High-Dimensional Kinematic Chains

The primary challenge in DHM is managing the sheer number of variables. Each finger, the spinal column, and the 

shoulder complex add layers of redundancy. To generate realistic motion, researchers employ Optimization-Based 

Motion Generation. Instead of solving for a single path, the system minimizes a cost function, such as:

•  Energy Consumption: Minimizing the integral of the square of joint torques.

•  Discomfort Level: Avoiding joint limits and extreme postures.

•  Task Execution Time: Finding the most efficient trajectory for a specific objective.

Realistic Motion Generation

Motion generation for digital humans must look "natural." This is achieved through Motion Capture (MoCap) data 

integration or by applying Central Pattern Generators (CPGs) for rhythmic movements like walking. Mathematical 

principles like Quaternion interpolation (SLERP)are used instead of Euler angles to avoid the dreaded "Gimbal

Lock" and ensure smooth rotational transitions in the digital human's joints.

Mathematical Control Systems in Robotics

Once the model is built, the next step is Control. A control system ensures that the actual motion of the robot or

digital human matches the desired trajectory despite disturbances. Edward Y.L. Gu emphasizes several strategies

in his research:

Computed Torque Control (CTC)

CTC is a powerful nonlinear controlstrategy that uses the dynamic model of the robot to linearize the system. By

calculating the required torque to cancel out nonlinearities (like gravity and Coriolis forces), the controller can treat

each joint as a simple second-order linear system. This requires a highly accurate mathematical model, which is

why precise dynamics are so vital.



Stability and Lyapunov Theory

In complex systems, ensuring stability is paramount. Lyapunov's Second Methodis used to prove the stability of

robotic controllers. By defining a positive-definite energy-like function (a Lyapunov function) and showing that its

time derivative is negative-definite, engineers can guarantee that the system will converge to the desired state

without oscillating or becoming unstable.

Implementation Guide: MATLAB Programming for Robotics

MATLAB is the preferred environment for implementing these mathematical models due to its robust matrix

handling and specialized toolboxes. Below is a procedural workflow for developing a robotic or digital human

simulation in MATLAB.

Step 1: System Definition

Define the kinematic structure using the Robotics System Toolboxor custom scripts. Use the rigidBodyTree class

to define the hierarchy of links and joints. For digital humans, this involves importing URDF (Unified Robot

Description Format) files or manually defining dozens of frames.

Step 2: Trajectory Planning

Generate a path in Cartesian space. Use functions like trapveltraj (trapezoidal velocity profile) or quinticpolytraj

(fifth-degree polynomial) to ensure smooth acceleration and jerk-free movement. This is critical for preventing

mechanical wear in robots and ensuring visual realism in digital humans.

Step 3: Dynamic Simulation

Solve the forward dynamics using forwardDynamics or ODE solvers (ode45). This step calculates the acceleration 

of the joints based on applied torques and current states. For digital humans, contact forces with the ground must 

be modeled using penalty methods or complementarity constraints.

Step 4: Visualization and Optimization

Utilize MATLAB's 3D rendering capabilities to visualize the motion. If the motion is unrealistic, apply fminconor

other optimization solvers to refine the joint trajectories based on biomechanical constraints.

Comparison of Robotic vs. Digital Human Requirements

Understanding the difference in requirements is essential for researchers moving from traditional mechanical

engineering into biomechanics or animation.



Metric Industrial Robotics Digital Human Modeling

Degrees of Freedom Low (3 to 7) Very High (50 to 200+)

Constraint Type Holonomic / Simple Geometric Non-holonomic / Biological / 
Ergonomic

Redundancy Minimal High (Infinite solutions for one task)

Control Goal Precision and Repeatability Realism, Energy Efficiency, 
Ergonomics

Mathematical Tool D-H Parameters, PID Control Optimization, Quaternions, MoCap 
Synthesis

Troubleshooting Common Modeling Challenges

Technical modeling is prone to specific errors. Addressing these requires a deep understanding of the underlying

mathematics.

1. Singularities in Inverse Kinematics

Problem: The Jacobian becomes rank-deficient, and joint velocities tend toward infinity.Solution: Implement 

Damped Least Squares (DLS), also known as Levenberg-Marquardt. This adds a damping factor to the inversion

process, allowing the system to pass through or near singularities by sacrificing a small amount of tracking

accuracy for stability.

2. Numerical Instability in Dynamics

Problem: The simulation "explodes" or shows unrealistic oscillations.Solution:Check the integration time step.

High-stiffness systems (like digital human joints with high PD gains) require smaller time steps or stiff-system

solvers like ode15s. Ensure inertia matrices are positive-definite.

3. Unnatural Postures (Self-Collision)

Problem: The digital human limbs pass through each other or the torso.Solution: Incorporate Collision Detection 

Algotithms(e.g., GJK algorithm or Bounding Volume Hierarchies) as constraints within the optimization loop. Use

repulsive potential fields to keep links separated.

Broader Implications of Digital Human Research

The journey from robot to digital human is more than a technical exercise; it has profound implications for multiple 

industries. In manufacturing, DHMs allow engineers to perform ergonomic assessments of workstations before 

they are built, preventing workplace injuries. In healthcare, these models assist in surgical planning and the design

of prosthetic limbs that move in harmony with the human body.

Furthermore, the integration of Artificial Intelligence (AI)with these mathematical models is the next frontier. By

combining deep reinforcement learning with the deterministic models provided by Edward Y.L. Gu, we can develop

digital humans that not only move realistically but also learn to navigate complex environments autonomously. This

synergy between classical mathematical principles and modern machine learning will define the next generation of

humanoid robotics and virtual simulations.



Ultimately, the rigorous mathematical framework involving kinematics, dynamics, and control remains the

indispensable foundation. Whether one is designing a 6-axis welding robot or a 150-DOF virtual avatar, the

principles of transformation matrices, Jacobian analysis, and recursive dynamic formulations provide the necessary

tools for turning abstract mathematical theory into fluid, purposeful motion.
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